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Abstract The big data era has huge quantity of heterogeneous data from multiple sources be widely
used in various domains. Data from multiple sources and of various structures make data duplication
inevitable. In addition, such a large amount of data generates an increasing demand for efficient
duplicate detection algorithms. Traditional approaches have difficulties in dealing with high
dimensional data in big data scenarios. This paper analyses the deficiency of traditional SNM (sorted
neighbour method) methods and proposes a novel approach based on clustering. An efficient indexing
mechanism is first created with the help of R-tree, which is a variant of B-tree for multi-dimensional
space. The proposed algorithm reduces the comparisons needed by taking advantage of the
characteristics of clusters and outperforms existing duplicate detection approaches such as SNM,
DCS, and DCS++. Furthermore, based on the apriori property of duplicate detection, we develop a
new algorithm which can generate the duplicate candidates in parallel manner of the projection of
original dataset and then use them to reduce search space of high-dimensional data. Experimental
results show that this parallel approach works efficiently when high-dimensional data is encountered.
This significant performance improvement suggests that it is ideal for duplicate detection for high

dimensional big data.
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Table 1 Information Collected from Various E-Bussiness Companies
1 ATEMEHEERENER
1D Data Source Name Date User ID Birthday Gender Address
001 KAt Headphone 14.5 Zhuws 76.9 Man JH T B R R TR LR
002 HAR Mobile 14.7 Zhuxh 1976 Man 7O T R ORGE VY R KA B R
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Fig. 1 Duplicate detection for two data sources.
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Fig. 2 Duplicate detection framework proposed.
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the cluster.
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Fig. 4 An example of traveling in the leal node of R-tree.
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