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Abstract  Web has been a massive information repository on which information is scattered in
different data sources. It is common that different data sources provide conflicting information for the
same entity. It is called the truth finding problem that how to find the truths from conflicting
information. According to the number of attribute values, object attributes can be divided into two
categories; single-valued attributes and multiple-valued attributes. Most of existing truth finding
work is designed for truth finding on single-valued attributes. In this paper, a method called MTruths
is proposed to resolve truth finding problem for multiple-valued attributes. We model the problem
using an optimization problem. The objective is to maximize the total weight similarity between the
truths and observations provided by data sources. In truth finding process, two methods are proposed
to find the optimal solution: an enumeration algorithm and a greedy algorithm. Experiments on two
real data sets show that the correctness of our approache and the efficiency of the greedy algorithm

outperform the existing state-of-the-art techniques.
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Table 2 Variables of MTruths
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Name Description
M Number of Data Sources
N Number of Objects
O Set of Objects
S Set of Data Sources
Vi Set of Values Provided by Source S; for Object o;
\ Set of Values Provided by all Sources for Object o,
L; Length of V. ;
A Vector of Values Provided by Source S; for Object o;
A, Vector of Truth Values for Object o,
Truth; Set of Truth Values for Object o;
Qi Quality of Source S;
w;,j Probability that the i’ th Value of Object o, is True
W, Probability Vector of Values to be True for Object o;
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end for
if temp>temp_max then
A. =B, temp_max=temp;
change=true;

end if
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@ while(change)

return A, ;.
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