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Abstract With the increasing popularity of the social network, public awareness and participation to
hot topics has been much improved, mobile terminal equipment and fast Internet access make the
spread of public opinion quickly. Public opinion on the Web has freedom, interactivity, diversity,
deviation and burstiness as characteristics, has become an important factor that affects social stability.
Therefore, how to timely detect, control and guide the development of public opinion is of great
significance to the social stability. This article focuses on the behaviors that spread on the Web and
contain “destruction”, “dangerous” and “loss” involves public security or judicial justice, and the
behaviors is defined as abnormal behavior. We define the types of abnormal behavior that this article
focuses on are aggression, injury, death, and arrests, four categories. From the point of view of
information extraction, our method recognizes the abnormal behavior by identifying sentences that
contain the abnormal behavior and constructs co-occurrence network of abnormal behavior, with

provide the visualization analysis approach of public opinion on the Web.

Key words public opinion; event extraction; recognition of abnormal behavior; co-occurrence network;

data mining
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Fig. 1 General diagram of abnormal behavior recognition.
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Source Training Epoch Approximate Size

Broadcast News 10/00—12/00 120000 Words
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Weblog 11/04—02/05 60000 Words

Indication:1) Chinese Resources (1. 5characters=1word) ;

2) Descriptions like mm/nn means month/year.
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Table 3 Distribution of Data

Statistical Data ACE2005 Labeled Data Each Kind
News 682 60(Sohu) 742
Forums 0 100(Tianya) 100
Microblog 0 158(Sina) 158
Total Number 1000

Indication: Units of the numbers in the table is sheet or post.
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Table S Frequency of Triggers and Events
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Occurrence Triggered Event
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Table 6 Ratio of Triggers and Events
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Occur and Trigger Event Not Always Trigger Event
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Table 7 Performance of Classifier
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Event Type Precision Recall F1
Attack 0.901 0. 821 0. 859
Injure 0. 806 0.703 0.751

Die 0.932 0. 747 0. 829

Arrest-Jail 0.798 0. 604 0. 686
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