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Abstract Taxonomy matching, i. e. , an operation of taxonomy merging across different knowledge
bases, which aims to align common elements between taxonomies, has been extensively studied in
recent years due to its wide applications in knowledge base population and proliferation. However,
with the continuous development of network big data, taxonomies are becoming larger and more
complex, and covering different domains. Therefore, to pose an effective and general matching
strategy covering cross-domain or large-scale taxonomies is still a considerable challenge. In this
paper, we presents a composite structure based matching method, named BIMWM, which exploits the
composite structure information of class in taxonomy, including not only the micro-structure but also
the macro-structure. BiMWM models the taxonomy matching problem as an optimization problem on a
bipartite graph. It works in two stages: it firstly creates a weighted bipartite graph to model the
candidate matched classes pairs between two taxonomies, then performs a maximum weight matching
algorithm to generate an optimal matching for two taxonomies in a global manner. BIMWM runs in
polynomial time to generate an optimal matching for two taxonomies. Experimental results show that
our method outperforms the state-of-the-art baseline methods, and performs good adaptability in

different domains and scales of taxonomies.
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Table 4 Comparison over the largebio Datasets
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Table 5 Comparison over the DS, Dataset
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