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Abstract The global situation regarding mental health problems is a matter of serious concern. Unfortunately, in
many countries, the shortage of mental health practitioners often leaves individuals with mental health problems
without access to professional services. The retrieval-based community question answering for mental health can
provide self-service information for those who are suffering from mental health problems. There are two different
matching criteria to consider when matching question post and support response in this task, namely semantic
matching and mental health matching. To address the issue of excessive non-ideal support responses in a large pool of
candidate support responses, we propose a two-stage text matching model that integrates characters’ mental portraits
using a multi-layer attention mechanism. This method divides our task into two sequential subtasks: a retrieval task
and a matching task, respectively. In the first stage, a retrieval sub-method is used to retrieve a set of candidate support
responses with a certain semantic similarity for each question post. In the second stage, the matching sub-method
performs matching judgments based on the results generated in the previous stage. This sub-method applies a multi-
layer attention mechanism to effectively integrate characters’ mental portraits and semantics. This process can modify
the results of simple semantic matching. Experimental results show that T2CMP proposed in this paper is superior to
state-of-the-art methods.

Key words  text matching; 2-stage model; mental health portrait of character; multi-layer attention mechanism; self-

service information of mental health
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Fig. 1 Examples of the question post and the candidate support response in the mental health community
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VEHCHREAEVE R CIG 119 AW BR R A . 5 —, 56 T i) 4%
(4 JE R VC BCARAE. FRATEERE T 5 b2 By T iRl 42 1y
AHALEE 3575 %, B TE-IDF, TF, BM25, T unigram
1) Jaccard il Ochiai, fifi F & 11315 SP () Bl S" () I 15
SCARARLEE , I 445 33 S0 AR RL B2 3 {8 PF 422 Oy i T i) 48 1Y
Je S D B A X (v). BRI 2Z b, BRANE N 2 448 7R
TEFH T 38 8 MR T i v SRS RS MRS A, LK
TR 2N THERGIA N E, ETHEM
2% 1) ey 3 VT B 4R A . 4o 22 I 4% 58 K Y e g H T LA
FE— R FRIE LR HME G 3 TRl A8 1 SUAR FR AN A2
B AR IESP )R ST () B N 2, DL 25 B9 Word2Vec
a1 Ok A (8 A B2 I 45 (CNN) 2 2 BT
(I AE T LR () FR (). R a5 (7) 115 3%
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T2 N 2% 1) Jm 0 UG B RRAE X (v). 5 B B8 S50,
AT R A — A B 45 el () R el (v)
BERE T A5 5 v BRI LR R A 2 (v). FEA 9 05 B9 W) 1R
TEA AR CIG 19 R AE 4 B X
xinW) = [[R"(v) =B ()|, B (v) o B' (v)]. P,
Qi) Je FAUEE By A4 . ARE 2 D S AT
‘B AITHY TF-IDF AHARLEE , #5320 AH 0L BE 23 (BB 2o B4, T
RIX 2 AT AR U, AR RLRE A3 (AR R i A
2) 3 (00 B IER A Bl A
)22 A 0 BRIER 0 Bl A L5 B BRI RS 2 4>
BelE, BRBEEEA CIG PR S E R, alf #
FEGIA AR (0.0 3 5, H b 45 B AR T 40 0l 6T K il
B A 0 BRI AR T SRR IR ARG AR 0 B IER Y
SRR AT B L
O FHERAE . fH ] GCN X35 5 R AE 47 568,
Ak CIG, B} G=(V, E), Horfiv, e VRREE i D&
WA, e € EFRORT N i M j Z B B3, i AL 2N
wy. BT SRR X VRN E B A, anal(8)
Hr-O=X Hr-O=x
H" O = foen(H D), (8
f{pr-(l) — fGCN(ﬁpr-(I—l)).
R DX 43 A ) R A S A 0 SR, R R
fil A AR o0 BRI R SR 12 BRORE 1R S R Ay 44 R
Hrr=O T A #6000 3 R 55 12 B ) o A o
fr 4 i H O, 2 4 GON W45 3L 52 nl I R S 40
QA HAE. M HZ 2 EZE kAP A a0 H
W5 SRR HEAT Al S, BAR RRR  E E AR AR
55 1 B OFF S OR TR 0 R A S
DI ERIE 157 ar© e RV, @@ e RV,
= (9) (10) Fror; 4K 5 M4 1 3 48 40 % P fa 8
L G AT R, e (1) (12) BroR s B % 1 g
JE iy er-O e PR E AR A, T R AL
RO, = (13) FroR, 387 B R UG Be RRAE 555k
Bl 35 IV 3 S 35 3 A €000 PRIESR G A 6 15 I )R 3R
RS T R P AR 0 B R JR 8 DT BC R AE AR
a0 X (14) froR, Hp @R Kronecker FEFH.
23k L ZARAR SRR S B e, B Hrr- 0
Hr -0 o L3R R GON W 45 /1 2 $ v 000 J2
Hrr- (D - WP 5 5 $e 51 e R Ak 1 45 5, Bl
5 SF PFE2IE BUVL B 327 7] i
15 1 B 10 &, 7 T2CMPee 11, BT P 19 £
OB AR S R VLS F X & R E R el T £
JZ GCN W il 5, T LAAS FRAR T2CMPyyy, — FEFE H P

9 €000 B R DFEE
a” " = softmax(w’” “tanh(WP- O H" O + b= 0)), (9)
@ " = softmax(w’ Ptanh(W-CH” -0 4 p- D)) (10)

ép-(o):ep’ ép-(l>:ap-(l)®ép-(171) , (1D

& O=¢, ¢0=q Oge -V 12
B0 = softmax(w " Ptanh(Wr - Oer- O g 0] 4 prr-Dy),
(13>
H-O :ﬂpr-(l)®ﬂpr-(l). (14)
24 REFER

PRSI 2 A~ 42 3 42 J2 AN R A B, He
AL 2 B 1 YT 20 OIS R m” R A TRR

BEHR T, i 5 2 i T 45 2

3 XWHERSHHN

3.1 HiRE&

S B P8 4 K CLPsych2017 Workshop | HY
shared task.i% 1 55 1 B A5 & F 2l DU 5 B Js2 e (%)
FH 0 B A MUAR B, 1 9 B0 2R B 2012 48 1 A
#2017 4 3 9] 6] /£ 2 18 32 ReachOut | 1 ¥, %
WA O 32 0 A SR TR A 1% 0 28 1T S 4R35 By,
KA R BIG J5, 23 i o0 PR I A £ 5 09 H P
5, Ry PR AR By R, 7R SR A B9 B, DL 1 Ak TE]
T Y B G S SR Bl SR Bl 64 [ 52 A AR
149 S A I . A B v AR o3l 18 N AR T crisis, red,
amber, green X 4 5%, H oAk green 2% (crisis, red,
amber) ZE 5 25 RN LM FAEH AFAE O BAE AL, 5 %
T, SR AR SR O A SR Bl

UG BE PR 657 25 T 8 A5 7 4 crisis,
red, amber, {H AT 86 2% S 3K B il (1 i i A
ZMEF). R BE S, AR SO FPTMH 5 R Y
XFN TR RS+ 2647 23 28, B R AE CLPsych2017
Workshop F) shared task H1, X} green Ff13F green il F A9
T R 3 A e e ML, 36 31 0.955, 15 215K B bt 2 584
4%, 1 U R green ZEHR % 1 M 5 ), 15 B AH N 19 3 RF
i (9152 ) 17 848 4%

X T MHCQA Fd R R, SHnt Rk Bk, AT
[ 520 ) S AR5 Mt A DA A A0, B TL A B At S 35 il A
R SRR, 2 B — A X ) 25 1 6B ) B0, 13
T 2% SR Bl il ) 0 AR 491 5 L TR A BB 1 16 £

I8 R H AR E S N AR AT SR AFTE A i) 25
R, A IR R 7R B S R PR RE N TAR TR
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86 A% 5K B i K HCTE AR 48] | S04 B8 1 D 0 A T A
IR AR 5R Bl B IERE B GRG0 1E D I R B K
ERGIH AR 1 R,

Table 1 Statistics of MHCQA Dataset
%1 MHCQA ##E&EL5IT

SitHE R l[ESR S AL
TR EL 13 808 555
=R 187 054 8736

SR Bl R BRI
LT ) 9/1 880/269 7/808/200
RGN R
T ) 4/1 899/115 4/1393/113

32 HESHEE

1) g o0 B AR A B A e

M E A T S AN EOR 10,0 T AR E AR &
FFAE N one-hot [ 5, Pt FH 3 2 FiRRAIE (14 4 A5 25
JEHLZ CNN, i 248 B, BRI/ 3 1,
2, 3.7 JE B SR Bl 2 0 P BREBR 25 X B 1) B Ay B0URK, e
BEXF R Bh# HE /N 1R 2 S B, CNN Y
Tyt AE BE Y0l 128,01 45 ¢ AF J2 B Emo-BERT 3k 1%
[y 768 4 FEAE, B A1 2R A Transformer 1 4 1% 25 F: fiF
() 2 b5 . HL 3 & S BORT dropout 43 14 2 AT 0.5,
W e E Y 128 A 128 4R P A
0,0 PR I R 7 ] i

2) T2CMP,

T2CMP,,, 1 1] 12 J2 #9 BERT #5581, %y 1 768 4
(1 227 ] . YN b 2 2] 2245 Ol 0.001, batchsize Fl
B RN ZARE 3 51152 1 32 1 100.

3) T2CMPgey

T2CMPgcy 1Y B RG E Hr, 45 00 P9 25 S8 00 AF DL S
I {1 110 ) 2 1R (34 152 Ry 0.001, GON 9 )2 5 L=2,
)2 GON i th 4k B2 3% 2R 16, dropout 4 0.1. 1] 45 17l
fia) i fefT FH AR S 200 (9T 2% Word2Vec, CLPsych2017
shared task F1 CLPsych2019 shared task %% #f % 3% [7] =
557 3% ) ) A 0 WO 2 R 6 A AR v B F AR
J T 1 SC VT g R AE A CNN, Hofay ok 32 4k, 8] A8
ReLU 1E N #0& sRBOE B i R A2, 45797 S0k
Fi CNN S50

5 T2CMPy s M FE . T2CMPgey XF FH P £ €80 B
T R 1 (5 FH A — 2 8 DX 0, PR O X 358 4 2 A T A
IO (8 3, RS P g s il AN O i Sk 15.CNN SR H
FAS G R, HK/N Ry 15 T B 3 1) i o 4
32, PRI CNN ) HE A 5 RILI & R AE 11 2 ) 2% 4 i
S35 VR Ay 16 A1 32, Ho A28 16 2/ P A o0

PRI R R IR RS A 27 20 2, RIAE B kAR 1Y R
1000 4, 2% 20 K 0.001 FF 46 LUHE K07 8 0. i
RINREAKELH 100.

4) YRR

YLk Rl 2 J2 &8 )2 sigmoid 2 4H Al H
SRR AR L 16 48, i ] ReLU #4075 J5 %
AT —JZ.

16 52 5 b 4l 28 £,=0.8, £,=0.999, &=108 i
ADAM 1L 4%,
33 Itk AE

ARSCIEFE T 6 A HATEG BB R LT k.

1) ARC-T™. 3% A5 B { F CNIN 43+ 531) 27 >J 138 4 7 £
2 SCAFIRFHIE, SR 5 1 F 2% 2 B SCAR FORFRAE
HEAT AR DG 1T

2) ARC-I". 5 ARC-T AN [, 48 A L8 A5 VC e Y 2 A4
SCARFEATAE H, BPAE A 2 SCARRIRBF 3% 08 T 24
PN RN

3) MatchPyramid ) 25 71 2 25 i fit 52 1 TR0 e 28
o £ A5 AR | 5 3 % AR A 45 ) 24 A RS [] B R DA 1
D i SCAS 1) 2 590 11 4 56 R AR M A

4)CIG-GCN"!. ] CIG #3ih K SCA DL K & SCAR ]
(i X5 &, BRG] GON Bk 47 45 1F 5% e, 12 v A
TR XF 4 SCAS 1 G i 1 1

S)BERT . & X 9 SC B0 4 1 12 )22 3L ikl BERT
LAY, 2o I 2 4 % L E AT 130 (fine-tune) . 7E Il 25
B, A A SR Bl G R R SR S Al X Y
AR, 2 > % h 0.000 05, I 240 1 batchsize 5
M52 B B9 batchsize A 6], 4351 32 1 8.

6) diseaseBERT “?. 7£ BERT H filt A 4 Al 45 3o %01
PR T By AR Y ) 25 78 diseaseBERT 247 0l
TR, A 2 A B 4R 0 I 2R 4 X HL R 4T fine-tune,
fine-tune A {8 Jf i 2% 5 BERT #H[A].
34 XRERE5HW

YT S5 e RS, JFHAE S E
S R SR Bl A AR G A A S RE G, IS OG0 S RE B Y
U A%, PR O SR I R B8 74 R 6 R (precision) . A
Il % (recall) Al F1AEAE } SE50 19 PEAN 48 55

T2 BIR T RIS AL SL I 45 SR, B AR
BeASR R1(). 2 By BEE 51 R2() 1Rl A £A (0.0 31 i 14
[ 2 B B A A T2CMP, Hov T2CMP |, Ul B2 7
B HLE], R SR B /3R A 0 B EHR
HEAT L Uk, L A G T G AR €00 3 T RORRE DG C Y
SCAS X} T E i) . R1(BERT), R1(diseaseBERT) 43 %] 3¢
7~ i il BERT #i1 diseaseBERT (1) B4 [ Bt DT B #5580 A
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Table 2 Assessment Results of Different Models
F*2 SEBIENER

R btk A Il F1 1§

RI(BERT) 0.664 5 0.3640 0.4703
R1(diseaseBERT) 0.707 3 03135 0.4345

R2 (ACR-) 0.476 4 0.1820 0.263 4

R2 (ACR-II) 0.3500 0.378 4 0.363 6

R2 (MatchPyramid) 0.3923 0.4757 0.4300

R2 (CIG-GCN) 0.6762 0.383 8 0.4897

R2 (BERT) 0.6120 0.4577 0.5237

R2 (diseaseBERT) 0.6429 0.454 1 0.5322
T2CMPgey ;. (A3C) 0.604 1 0.423 4 0.4979
T2CMPyy im0 (A530) 0.6354 0.4523 0.528 4
T2CMPyygiscasenirn) 12 ( A3C) 0.6537 0.4559 0.5372
T2CMPgey (7R3C) 0.605 8 0.454 1 05191
T2CMPyyiygerry (A3C) 0.643 4 0.464 9 0.5397
T2CMPp i iscascperry ( A53C) 0.696 0 0.4414 0.540 2

T BTN R ER.

F2 AT LA, 2 K A AR OC S RE B AE TR I, 4 ok
TR MRS T B B 0 DG C AR R X TE R 41 Y
TN B A AN R A 5, (R AR AR, A A5 AL Y
AR DG FiL RO — i, oo RI(BERT) AY 52 56 25 S fe it
F1 {89 0.4703.

XF T Y 2 B BeVE BC A AL R2(), BATT A O e A5
Hexty e F BERT, &5 N 9 565 2 Bir Bl A RE RL. 26 1
BrBoH, 1 68 H MHCQA Bdis 4 Hh it Il 48X} BERT
HEAT fine-tune, 3£ HF AN H 11 38 SUI 1 by I 25 Bt 11 461
I PREL. SR 5 H ] fine-tune J5 Y BERT 43l % MHCQA
K £ 1 I 25 4R I 3 B2 HE AT G T 0% 3, B N T
55 2 B B 11 ¢ 28 S A5 5 A (MHCQA-ID) Y Il 2R 4R
MLAE, a0k 3 Fim. N3 3 irf LI, Fiik A O
LB TR Ak 1 BURE A %

Table 3 Statistics of MHCQA-II Dataset
&3 MHCQA-II MEE &S5

FiHER PlEES AL
EREBIN R 15651 360
SRR L 15 840 688

2 TR R R, Sk 5 1 B B Y i ik
Jo, R TR MR H: e A DT T ASCR A TR
BVt g B AAS 3 1 0] B a9 k3% . ) R2 (BERT), R2
(diseaseBERT) Lt R1(BERT), R1(diseaseBERT) fit) F1 {i
SRR T 534N A RN 97T N E A R TERZE

X7 ik v B KK SO I SCHR R AT S 9 R2(CIG-
GCN) Iy T JUDKS A % de =, S5 31 T 0.676 2.

il 1 22 )22 10 3 I PL 51 A P A a0 2 e 5 n]
DLk — D3 AP R, o T2CMPgey 5 ARG £
0.0 B /4 1Y R2(CIG-GCN) A L, H F1 {8 M 0.489 7
P25 5 0.519 1; A F F R2(BERT), T2CMPypy ey WIHF
F1AEEEE T 1.6 1N E43 5 (0.523 7 $0.539 7). BRIt Z A1,
i ] diseaseBERT 4t BERT, Bl T2CMPyy vy giscascertys
HACR e, FUEA R T 0.5402, B HHCRRELA fA
0.0 PR 12 1) R2(diseaseBERT) & 5 1 0.8 4N 7 43 A,
{FLJHG 6T T A 451 300 ) ORS B R R S T 5310 H 4
S AR T P B T2CMP SR A R
[, T2CMPgey 1, H6 T2CMPooy Y FLAHE T FE T 2,124
T 0 5L, AT T2CMPeyygeery 1 T2CMPopygiscascars
T2CMPyiyperr) 100 T2CMPrygaiseasener) 1o 2390 FEE T 1.13
ANE AL 034 E A L X E— B 0 E T gk B
SRR 0 PRI AR B

B S A BN28 T 2 7R 9], B U b 3R B SR |
R A 0 RGO A (4 DG L BLAT — 2 i ).
35 HRASLIE

FH P €0 BR S B9 UE I BEAA 250 42 = A
IR UCRCRCR. Sy 1 B — 2 75 42 25 il B4 A OC
FEAE X FH P A €80 B9 R 5T 1 1Y 52 e, LA b R T A
T G TR SF 15 T, 23 5910 X T2CMPyyyyperr 1
T2CMPgc AT fll 52 56

T4 R T BT LIWC ia) 8 A ] 28 45 o< 4% 1F
(LF) . && T3] ¥ 1Y 18] 2050 U FR AE (PF) | 1% 28 4 1E 1
G TR AE (SF) X T2CMPyy i A5 78 1 52 1. A 45
KA, DDA R AE 23 5 M A €00 3 I (R 20 1 ) BT A
AT AT T 8 6 1 S S 1 AN R Lo B BREIR 25 F

Table4 Ablation Experiment Results of T2CMPy ygerr)

Model

R4 T2CMPypyypern BEEEH SIS R
A LS % F1{H
T2CMPyyperr ( ) 0.643 4 0.464 9 0.5397
w/o LF 0.654 51 0.4505] 0.533 6
w/o PF 0.6421] 0.4559] 0.5332
w/o EF 0.650 51 0.4595] 0.5385
w/o LF, PF 0.65121 0.4541) 0.5350
w/o LF, EF 0.6396| 0.4541) 0.5311
w/o PF, EF 0.647 81 0.4541] 0.5339
w/o SF 0.647 21 0.4595] 0.5374

TE: 17U R R T ) BB 5 AR SOTT AR AR L 45 SR 0 L 3
s ETHATT RE.
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B 119 1 A 48] JC 75 I A ), 5 30H 2 TN ) I R
(PSS a8/ R Sl [ N A 1 e B i R )
U 18 SC U PC RO P A 5 DG C 5 B B 1 SRR
DAL LA 1 5830 3 1 T

M 50 LLF Y, LF, PE, EF Xf T2CMPge A7
SER, S BRATA 1 A8 2 S FRAE, BIB R 2L F1(HYY
A R B A T R T B R R OC A R, A
VI /D 1 BN B AE TT LR Y, EF R LF 4048 T PF
Xof A5 A Y 5 e TR A SF, ALY FLAE T B
T LISAHEZ A

Table 5 Ablation Experiment Results of T2CMP
F5 T2CMP HEBHRKIER

it W BEER FUE FIE RS

T2CMPgey (R3C) 06058 04541 05191
w/o LF 0.60611 0.4270] 0.501 1 1.8
w/o PF 0.60631 0.4523] 05181 0.1
wio EF 0.5850, 0.4342] 0.4984 2.07
w/o LF, PF 061967 04108 0.4940 251
w/o LF, EF 0.61701 04324 05085 1.06
w/o PF, EF 0.61221 03982 04825 3.66
w/o SF 0.67771 04054 05073 1.18

V17U SR IR P I AR S A ST B R4 SR H A B
R LI
3.6 {RIEZFHFMEIAZIT T2CMP B

2 [ B A T2CMP (1 80 I 52 30 i 35 S - il 42
& MHCQA-IT FLAE 5210, S 1, AR 45 3 — 20 5
[vi] 119 93 1 17 BE X T2CMP 1) 52 Wil . 3 2o i AS [R) AR
(18 5 2 PR K5k 18 4T B L 6 1 B B4 A [ RE T, TE R
ANFEFRB R G, W3R 6 FiR. N3& 6 il LU i,
Mg =0.10F, 45 1 By By BERT #5080 7 3 85 vh 2
17 255 XFIEAE ). Wk a, 56 1 B B AR a] L3R
1 BT Z2 A E ARG, (RS2 (4 2, BRE 191 850 o 3 K AR TR,

Table 6 Statistics of MHCQA-II formed by Loss Functions

with Different Weights
* 6 AREMERHK DB H MHCQA-II K%t
YILRERXTEL BT
AR fUREf5i) TERES) R4
MHCQA-II
15651 15 840 360 688
(a*=1,a=001)
MHCQA-II,
12 069 5336 255 236
(a*=1,a=0.1)
MHCQA-II,
13471 40 134 418 2055

(a*=1,a-=0.001)

ok 0 Bk By B 1% B S [R] B4R MHCQA-TT, 4545
RIR R PLUNE 7 FR.

Table 7 Assessment Results of Different Models Based on
MSOIP-I1,, MSOIP-II;
%7 ETF MSOIP-II, MSOIP-II, K& BTN 4R

MHCQA-IL, MHCQA-IL,
i)
KR JlaR P KSR JlR PG
R2 (ACR-I) 0.51940.45770.4866 0 0 0
R2 (ACR-II) 0.546 1 0.43780.486 0 0.17700.32790.2299
R2 (MatchPyramid) ~ 0.5303 0.457 7 0.4913 0.18250.228 8 0.203 0

R2 (CIG-GCN) 0.62110.39280.4812 0.694 6 0.20900.3213

R2 (BERT) 0.64150.41260.5022 0.684 6 0.36760.478 3
R2 (diseaseBERT) 0.6049 0.400 0 0.481 6 0.6879 0.38920.497 1
T2CMPgey (A3C) 0.65720.37660.478 8 0.7143 0.21620.3320
T2CMPyyeerny (AR30)  0.6869 0.38740.4954 0.678 0 0.384 6 0.498 9

T2CMPyyygaiscasenrn (A3C) 10,7053 0.3622 0.478 6 0.668 7 0.385 6 0.489 1
T IR R LA R

XF T ML /B MHCQA-IL, 52 49K I A7 465 4 11
F1AB B30 P AN K (0.478 6~0.5022) , H 2% 455 750 f4 65 iff
FHRREARRKES. CHEMHZ)ZEZE A
J A RO BRI SR A AR AR, B T2CMPpppggerty T2CMPey,
T2CMPyppyaiseasenrny 1 B FEAH T~ HAAR AL A5 £ 7,
{H 32 R T+ i 26 By B [l 1) 1 FE Ak, FLE S ane
MHCQA-II | 173,

25 bk, J6 IS Ui 5 B B AR [ 8 4 35 S RE I Y
FUA i e], fl A P A €80 PR 35 Rl A LA 1Y)
PERE. IS BEHITE 3 A [a] BLAE ) 54 4 1 1y R Bk
B, U 1B Beak [ g 8 SRR G b TE R 451 A A AR
151 i) 5 b He A XY i B (MHCQA-TTD) , 1T DL 58 43 & 4% 2
[ B A TR () I 3, 1 A5 T2CMP R A5 384T 1 45 S

1T BM25 TEA5 BV R 5 10 19 5 850%, FeAiTidk 22
AR A 1 B By R R AR, RS R AR a0
8 Pr/R. T 8 AT LUE 1, Y3k [0] AH [] 45 i A fig 6
SR I, BM25 19 1E A ] 3% 0] 50 (% T BERT.ZS 1
B B st AER 1) 1E A A7) 3R [ 0 2 A A it R ) A 18 1 o 2%
NI E

Table 8 Retrieval Results of BM25 and BERT Models

% 8 BM25 #l BERT R ELER

WIZREEXTEL MR X E

Y

IEARA R ERER] A5
BERT

15651 15840 360 688

(at=1,a=0.01)
BM25 7102 24389 227 821
4 B 5]

YAFAE B 1 S AR IR, AS SCHR A il A
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o0 BRI SR 1Y) 2 B B SCAR VG [ 4557 (T2CMP) BE A 4K
b A 5 B R ) D JC AR, K T T O B R R SCAR 1Y
VEECAE S5 PR o0l 2 LRI TAE S 2 A TAES W HE
MIANTRL, 265 1 B B 1 4T 45 02 o0 T d5c K PR b 0 o
T SURAH I B SRR b, T 18— A 552 70N 0 40 3 S 25
e N Tk ot £ B BRAR S RIS B O R, OF Ll
B0 T 4 SRS S e A A R, DR O 3 e g/ A
K A AR SR I ) Sk B AR SRR ) AR 5T O
et AR AR TR S PHLAR SR A B 0 A IR 5 2 B BT
155 0 B 2 X5 1 B B 8 H A 6% 25 S 3
AU L2 TAT (7% D 5 0 T, A& IE 38 SC DG A 45 51 el T
TE A 1 5 SR B A — 2 A O, AR
SCVC L AN S 1, T2CMP AR 35 5K Bl & F s Bk 37 $5 #
Fy 1 sk, 220 i SR A A 3 SRR Y A (0 B R
Tk B 22 (45 L (A9 s T R ) A AL s B S
R 5 00 % Ml Al G« SR W s 4745 ), R sk S {F B B
AR X6F SR Bl Ik R0 S A I 4 A7 4 8 D 15 40 B LA AR 7+
T B4 VG e 3R

SEE R, T2CMP (14 8RR T 25 T 5 B B
%) DT AR Rt FLG 55 2 BY B AT 55, sl i 2 2
T TS T (00 B A 10 R R AR T At Y
A R Stk 6 BE AR ARY . Bk b 2 A, 3R AT 348 3 3 58 N
PESZIR IR T8 1 B Be A R AR X5 2 B B s
AR

TET 1) O R BRE (1) SCAS D E AR AR 1T I B R Bk K
B0 40 S mp AL 5 3 A SRR T AR BRI &
T HUE LU EC R SR B SR B E A RN 45 D Bk
SFEE R R B, (i T2CMP JGIERI R S04

L ChatGPT A - 3 i) K18 &5 B AL HL A #5311 5C
AR NCRE T, AR A SR T EL A A SOAR . HE
FE X AVEAT 55 v, i) 12 L 2R ) R, R R
B3 g b B 1E 05, DR AR BUAH DG ME R R L AR,
FH P e B G 00 PR 56 8% R T, 4 T8 I 26 0 B
[] B (4 5K ) SC AR B, ChatGPT 3 3R (8] 4 2 58 4t 14
T3 L Rz A VA S S A A, B
F2H4 ChatGPT Az i 1 45 S 3% 7] 45 9 0 2 [m) 251 PR 4 1)
SR BD 2, 1 i A8 Bk K. AR ChatGPT 328 T 3¢
AR A B, TG L R T T ) o0 PR R 1Y SCAR DE L
SR A T3 R4 M X% g 71, i 1 ChatGPT 1] LL 42
FEH P B ABTR AR, KA BT Ok o B R o S 0 3
15, BT 0 B A B SCAR A DU BCRESR . BbAb, O B S B
H 0T LSS HIH ChatGPT F A B I A4 S 5 7 B,
SR JE N A R T B HEAT PRAL B L, 4R T IR R

EE R B ZKETA, AT F0
M R A R, AR IR RAEIT; X 15 B4R
BT BT | AL LR 4E M0 R L LW R RS T
AR B E; 7wk X &P AR E IR R T UH A
1537

2 % X #
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want to avoid be a round school peer as m uch as possible:-*

«+-It seem that my mission to supress myself and stay at hidden at all cost be turn out to be hard than I expected. *-- I’'m not do an excursion, |

(oo BEME B, T 15— OB E DRIy AT B 48 R 9 BEARS--+- BEAT S NIRAT - AR G [ 27—l -+ -o)

o3 S AR M

A DU BAR R TR 2 2] G5 5. TRAT ZE IR IL?)

-+-also especially that communication lead to understanding. 1f this be a requirement of your study and you discuss any aspect you be struggle
with, teacher can often provide solution so you can still meet the same learning outcomes. Where be the excursion to anyway?

(oo JUFIE 0 2 AR, WL IR RS 2T 2R, JF BARHE T ARIE R RN, Z I 5w LR AU or %, KRR

SR 9 7 S

¢,: --+recently they lecture me about unleash my true potential-+-I find this odd as they barely let me do anything with them. --the late one I'm

seen be not very helpful -

(oo AR AR BT REREBIRFUE R Sy -+ A D LT AR A AT BT A 4. - AR R AT A H B o)

¢,: =1 don’t want to go on any of them. *-Our school have also say student will have to or encourage to have some involvement with the formal

how do I explain I don’t want to do it?-*
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Fig. A1 The experimental cases analysis 1
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++=s0 today have my first psych apt , and it don’t go so well. I’'m in a A from the start and find it incredibly hard to come out of that, -+ I’m scar about all this. T
see her next monday I’m wonder how others find their first apt with a psychcounsellor. Do you have trouble open up? if so how do you manage that?-+-
(oeees A RILE — AT LR T, (Hll RS KN, Z2M—FFIGUBEEY A, AIGRIRTEM FRELTE, -+ P —VVEFRBAR, A — ik 2 E
U, ZERKIERAUN B— RO BEH-FAEEIEL. MM THTTHG thE ARG I UIRE, WA TEEAMENI? )

SCRF:

middle ground which suit you both. -+-

TP EH )

...I’'m really proud of your for take that step to email your psych! ...it’s so great to see that your psych be cool with your email her as well as come up with a

(oo FRECHURIBE NG, VRTEIR RO BB AR -eeeee TR EE BIURA L BB EAE ARG W A A BN ARV 58, OF LA TR NE S NI

SCRFETIR T S

¢, **+it can be a difficult situation when you’d like to distance yourself from someone you’re not get along with, but also don’t want to hurt their feelings. *** if you|

decide to do so. but try to remember that it might be really tough for if she see you distance yourself from her and her feeling may be hurt, so if you do decide to|
distance yourself from her, let her know in a compassionate way could help limit how upset it may make her. -+

(oo RAE SR C VAR A A DRAEIE 2 (1 SO ARG B A AT ¥ A I, 3 — AR HE R 0L - - AR R A B35, (2L, AR EZ
TR, HFTER GRS, Ll — B e IR RIS FEES, S A G ORI I ATE, T LU BB IS F L AT HIRESE )

¢,: ’m really glad to hear you’ve already speak to your school counsellor. that’s a great step to take! even though it sounds like you don’t quite get what you be hop
for out of it, it might still be worth have a few more chat with them, because they could still be able to help. In the meantime, *-there’s heap of really helpful

technique, info and tip that you might want to try for school and studying--+
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Fig. A2 The experimental cases analysis 2
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